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Application of Artificial Intelligence Technology in Fault Diagnosis of
AC Asynchronous Motor
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(Shanghai Engineering Research Center of Motor System Energy Saving Co., Ltd., Shanghai 200063, China)

Abstract: Motor is the core equipment of electric energy conversion. It is used to drive various production
equipment. The safe and continuous operation of motor directly affects the national economy and social development.
Among different kinds of motors, asynchronous motors have wide applications and are operated under different
conditions, so the fault diagnosis of asynchronous motors have attracted much attention. The importance and main
problems of fault diagnosis of asynchronous motors are summarized, and the artificial intelligence technology of fault

detection in this field in recent years is discussed detailedly. The key directions and work in the near future are also

put forward.
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